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» A strong approach relies on frozen autoregressive

language models [1] but requires large models. Comparlson to SoTA
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_ _ _ _ FrozenBiLM 51.5 26.8 16.7 33.8 25.9 41.9 58.4 59.7
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» SoTA on 8 zero-shot benchmarks, competitive Downstream Task Adaptation » Fully-supervised benchmarks. Note that FrozenBiLM only trains 30M parameters.
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